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Broader Implications
• Connection to chain of thought prompting? 

Decomposing multi-step problems into intermediate steps and learning the 
intermediate steps using a sequence model.


• Sequence modeling in Markovian environments? Why? 
   E.g., Decision Transformer, Trajectory Transformer 
   Procedure cloning models intermediate procedure computations as a sequence 

Jason Wei, Xuezhi Wang, Dale Schuurmans, Maarten Bosma, Ed Chi, Quoc Le, and Denny Zhou. Chain of thought prompting elicits reasoning in large language models.
Lili Chen, Kevin Lu, Aravind Rajeswaran, Kimin Lee, Aditya Grover, Misha Laskin, Pieter Abbeel, Aravind Srinivas, and Igor Mordatch. Decision transformer: 
Reinforcement learning via sequence modeling.

Michael Janner, Qiyang Li, and Sergey Levine. Offline reinforcement learning as one big sequence modeling problem.
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